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Artificial intelligence is increasingly embedded in English language learning,
but evidence on generative Al and large language models (LLMs) remains
fragmented across skills, learner groups, and tool designs. This systematic
review synthesized evidence on personalized learning, automated feedback,
speaking, writing, vocabulary, assessment, English for specific purposes (ESP),
and physical education. Reporting followed PRISMA 2020. Scopus, PubMed,
and ScienceDirect returned 403 records; 14 duplicates were removed, 389 were
screened, 54 reports were sought, 48 full texts were assessed, and 17 studies
were included. The corpus spanned experimental, quasi-experimental,
comparative, mixed-methods, qualitative, survey, review, and system-
development designs. Where reported, participant samples included 40
undergraduates, 79 graduate students, and 327 primary pupils, while several
design and qualitative studies did not report a single numeric sample.
Narrative/thematic synthesis identified four themes: feedback and writing
support; speaking and personalized tutoring; changing learner-teacher roles;
and affective and ethical conditions. The evidence is recent and heterogeneous,
limiting quantitative pooling. FICO was used as an internal appraisal rubric;
reviewer-level logs were not retained, so Cohen’s kappa and aggregate FICO
scores were not reconstructed retrospectively. Future research should prioritize
controlled longitudinal designs, validated outcome measures, transparent
reporting, data privacy, and under-represented ESP and sport-science
populations.
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Introduction

Artificial intelligence now shapes contemporary education in ways that are hard to ignore, and the spread of
accessible generative systems has only accelerated its adoption across language classrooms worldwide (Al-
khresheh, 2024; Bin-Hady et al., 2024; Xu & Wang, 2024). Generative artificial intelligence (GenAl) and
large language models (LLMs) can produce fluent text, converse in natural language, and deliver targeted
feedback at scale, which is what makes them so attractive as tools for teaching and learning. These systems
are moving into mainstream practice quickly. Educators and researchers therefore face an urgent question:
not just whether these tools work, but where, for whom, and under what conditions they add value (Ekizer,

2025; Wang & Liu, 2026).

English holds a distinctive place in this transformation. It functions at once as a global lingua franca, a
gatekeeper for academic and professional mobility, and a core school subject in most education systems (Yu
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et al., 2025; Aung & Nikolov, 2025). Learners invest heavily in English for high-stakes examinations, higher
education, and career advancement. Yet many still struggle with productive skills such as speaking and
writing, and with sustaining motivation over time (Zhang et al., 2025; Richardson & Bowen, 2023). GenAl
speaks directly to that problem, offering individualized, on-demand support in exactly these effortful
domains.

A growing body of research now documents Al applications in English learning, from intelligent tutoring
and digital game-based tasks to corpus-driven and multimodal designs (Nitisakunwut et al., 2022; Rahmanu
& Molnar, 2024; Huang, M., 2025). The reported effects on achievement are generally positive but uneven,
and the way interventions are designed and evaluated varies a great deal (Ekizer, 2025; Arthi &
Gandhimathi, 2025). For practitioners, that heterogeneity is a real problem. Turning isolated findings into
coherent instructional decisions is no small task.

Recent advances have shifted attention away from earlier machine-learning applications and toward
generative systems that can hold dialogue, scaffold composition, and adapt to learner input in real time
(Rashid et al., 2026; Wang, Y., et al., 2025). Studies increasingly treat ChatGPT and comparable LLMs as
writing partners, conversation coaches, or sources of formative feedback. They also ask how learners and
teachers perceive and adopt these tools (Wang & Liu, 2026; Wang, Q., et al., 2025). Consolidated, review-
level evidence hasn't kept pace with that shift.

The first gap concerns fragmentation across sub-domains. Individual studies typically address a single
skill, tool, or population, and they rarely situate their findings within an integrated map of the field (Huang,
C., etal., 2025; Leetal., 2025). Teacher-facing and learner-facing strands of research often proceed in parallel
rather than in conversation. The field therefore lacks a synthesis that connects application domains,
pedagogical roles, and reported outcomes (Imran et al., 2024; Jin, 2024).

A second gap is methodological and affective. Many investigations are small, cross-sectional, and design-
oriented, and outcome measures differ so widely that comparability and cumulative insight stay limited
(Ding & Xue, 2025; Roy, 2024). At the same time, learner-affective variables such as anxiety, enjoyment,
and self-efficacy appear to shape whether Al support actually translates into learning. Yet these mechanisms
are theorized unevenly across the literature (Yan et al., 2025; Susoy, 2026).

Existing syntheses already indicate that Al-supported language learning can improve some learning
outcomes, but they also show substantial variation in intervention type, learner population, and outcome
measurement. Rather than assume a common effect size across unlike studies, the present review addresses
a different gap: it integrates GenAI/LLM applications across feedback, writing, speaking, personalized
tutoring, assessment, ESP, and teacher-facing use while examining learner/teacher roles, affective
conditions, and methodological limitations. This cross-domain framing complements prior domain-specific
syntheses.

These gaps carry particular urgency for English-for-specific-purposes (ESP) and professional contexts,
including physical education and sport sciences. Communicative competence in discipline-specific English
is essential there, yet mainstream tools under-serve it (Bessadok & Hersi, 2025; Pham & Abdullah, 2025). A
timely, PRISMA-guided synthesis is needed to consolidate what is known, expose what is missing, and guide
both practice and future inquiry across general and specialized English settings (Abbasi-Sosfadi et al., 2025;
Pan et al., 2025; Baskara & Mukarto, 2023; Qassrawi & Al Karasneh, 2025).

Objective and methodological scope. This systematic literature review maps GenAl and LLM-based tools
used in English learning, synthesizes reported learning, feedback, performance, and perception outcomes,
and evaluates the methodological maturity of the evidence. The review uses PRISMA 2020 reporting, three
databases (Scopus, PubMed, and ScienceDirect), an English-language screening frame covering 2015-2025,
PICOS eligibility criteria, and narrative/thematic synthesis. The included corpus spans experimental and
quasi-experimental comparisons, mixed-methods, qualitative, survey, review, and system-development
studies.

Accordingly, this review pursues three research questions. The first maps the landscape of application so
that educators can see, at a glance, which English-learning domains GenAlI has actually addressed and with
what reported effects (Zhen, 2025; Wang, Q., etal., 2025).

RQI1: In which domains of English language learning have generative Al and LLM-based tools been
applied, and what effects on learning, feedback, and performance have been reported?
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The second question turns from what to how. It examines the pedagogical designs and the learner and
teacher roles that characterize GenAl integration, along with how these stakeholders perceive and adopt the
technology (Chen et al., 2026; Khoso et al., 2025).

RQ2: What pedagogical designs and learner, teacher roles characterize the integration of GenAl into
English learning, and how do learners and teachers perceive these tools?

The third question appraises the maturity of the evidence itself and charts a forward agenda. It delivers
something prior single-domain reviews have not: an integrated, cross-domain, methodologically critical
account of GenAl in English learning (Xu et al., 2025; Dai et al., 2026; Sun & Wu, 2026).

RQ3: What methodological patterns, limitations, and research gaps characterize the current evidence
base, and what agenda should guide future work?

Method

Research Design and Framework

An SLR design, a systematic literature review, was adopted for this study. It was the sensible choice because
it supports transparent, reproducible identification, appraisal, and synthesis of a defined evidence base
(Tranfield et al., 2003; Kitchenham, 2007). Reporting followed the Preferred Reporting Items for Systematic
Reviews and Meta-Analyses (PRISMA 2020) statement and its explanation and elaboration guidance (Page
et al., 2021a, 2021b), which extends the earlier PRISMA formulation (Moher et al., 2009; Liberati et al.,
2009). All of the review protocol components were set in advance: research questions, search strategy,
eligibility criteria, and synthesis approach.

Search Strategy
Titles, abstracts, and keywords were searched with a structured Boolean strategy. Terms for generative Al
and language technologies were combined with terms for English learning and instruction:

("generative AI" OR "large language model" OR "ChatGPT" OR "chatbot" OR "artificial intelligence")
AND ("English language learning” OR "English language teaching” OR "EFL" OR "ESL" OR "second
language") AND ("feedback"” OR "speaking” OR "writing"” OR "vocabulary” OR "assessment")

Each database has its own query syntax, so the search had to be adapted accordingly. Truncation and
field codes such as TITLE-ABS-KEY in Scopus were used to capture morphological variants. Only English-
language documents were included.

Database and Information Sources

We drew from three complementary databases. Scopus covers peer-reviewed literature across disciplines,
PubMed indexes health, education, and applied behavioural sciences, and ScienceDirect offers full-text
journals across social sciences and technology. The searches ran in 2025, and after exporting the records for
screening, the three sources together returned 403 records.

Eligibility Criteria

A PICOS framework (Table 1) underpinned the eligibility structure. The explicit inclusion and exclusion
criteria, shown in Table 2, grew directly out of it.

Table 1. PICOS framework guiding eligibility.

Element Definition applied in this review

English language learners and teachers across school, university, and professional/ESP settings
(including physical education and sport).

Generative Al and Al-assisted tools (ChatGPT and other LLMs, chatbots, Al coaches, ASR-
based systems, automated feedback and assessment tools).

Population (P)

Intervention (I)

. Traditional instruction, non-Al digital tools, human feedback, or alternative conditions, where
Comparison (C)

reported.

Learning outcomes, feedback quality, speaking/writing performance, vocabulary, engagement,
Outcome (O) .

autonomy, and learner/teacher perceptions.
Study design (S) Empirical studies (experimental, quasi-experimental, mixed-methods, qualitative, survey),

technology reviews, and design/development studies.
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Table 2. Inclusion and exclusion criteria.

Criterion Inclusion Exclusion

Language English only Non-English

Proceedings front matter, editorial, retracted

Document t urnal article, revi r full conferen aper .
ocument type Jo cle, review, o conference pape item, or abstract only

Publication 2015-2025 Before 2015
period

Directly addresses AI/GenAl for English Unrelated NLP tasks (e.g., sentiment anglys1s
Focus . . in other languages) or non-English-learning

language learning or teaching .

topics

Outcome Report§ a learning, feedback, performance, or No measurable English-learning outcome
relevance perception outcome
Accessibility Full text retrievable Full text unavailable

Study Selection Process

Selection followed PRISMA 2020. After duplicate removal, records were screened by title and abstract and
potentially eligible reports were assessed in full text against the PICOS criteria. The archived record
documents consensus resolution after re-examination, but it does not retain independent reviewer-level
screening logs or extraction sheets; therefore, Cohen’s kappa cannot be calculated retrospectively without
inventing data. This limitation is reported explicitly rather than assigning a post-hoc agreement coefficient.

Quality Assessment, FICO Framework

For appraisal of the included reports we used the FICO framework as a transparent internal rubric covering
Focus, Information, Context, and Outcome. It was used to judge methodological adequacy and traceability
of the evidence, but it is not a validated risk-of-bias instrument. The archived file does not retain item-level
FICO ratings, so aggregate quality scores cannot be reconstructed responsibly. For future updates, a validated
design-specific appraisal tool should be added rather than presenting FICO as a standardized risk-of-bias
measure.

Data Extraction Procedure

Extraction ran through a structured form. For each study, it captured authors and year, country or context,
study design, sample, the AI tool or intervention, the targeted English-learning domain, the outcome
measures, and the principal findings. We tabulated everything so cross-study comparison and thematic
synthesis had a solid base.

Bibliometric and Thematic Mapping

To characterize the corpus, we carried out descriptive mapping. Publication years, study and document
types, thematic foci, and the frequency of salient author keywords across included studies were all covered.
These descriptive analyses gave the qualitative synthesis its bearings, and they appear as figures in the
Results.

Data Analysis and Synthesis

Findings were synthesized thematically, following Thomas & Harden (2008). Codes drawn from the study
findings were grouped into descriptive themes, then organized so the research questions could be answered.
Themes came about inductively. We checked them against the source studies and refined them iteratively,
making sure they stayed grounded in the evidence.

Reporting and Documentation

Reporting followed the PRISMA 2020 checklist for systematic reviews (Page et al., 2021a). The selection
process is documented in the PRISMA 2020 flow diagram (Figure 1). Every included study is reported with
complete bibliographic detail.
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Identification of new studies via databases and registers
Records removed before screening:
.g Records identified from*: Duplicate records removed (n
g Databases (n = 403; Scopus =14)
5,"5’ 90, PubMed 188, Records marked as ineligible
= ScienceDirect 125) by automation tools (n = 0)
-§ Registers (n = 0) Records removed for other
reasons (n = 0)
Records screened o] Records excluded**
(n =389) (n = 335)
\ 4
- Reports sought for retrieval Reports not retrieved
.g (n=54) (n=6)
8
5
2
\ 4
e Reports excluded:
Reports assessed for eligibility Not GenAl/LLM-focused (n
(n = 48) — 12)
No English-learning outcome
n=11)
Ineligible type/retracted (n =
R)
New studies included in review
n=17)
Reports of new included studies
n=17)
=
[
<
=
E A 4
Total studies included in review
n=17)
Reports of total included studies
n=17)

Figure 1. PRISMA 2020 flow diagram of the study selection process (Page et al., 2021a).

Results and Discussions

Study Selection Results

Scopus, PubMed, and ScienceDirect returned 403 records in the structured search. After 14 duplicates came
out, 389 went to title and abstract screening. Of those, 335 were rejected. They were plainly out of scope,
non-English, or ineligible by document type. Full text was sought for 54 reports. Six could not be retrieved.
That left 48 reports for a full eligibility check, and 31 were then excluded. Twelve did not focus on generative
Al or LLMs, eleven reported no English-learning outcome, and eight were retracted or of an ineligible type.
Seventeen studies cleared every criterion and made it into the synthesis. These figures match the PRISMA
flow diagram in Figure 1.
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Descriptive Characteristics

Table 3 summarizes the 17 included studies, and Table 4 presents their classification across design, thematic
focus, tool, and outcome. This is a recent corpus. Publication activity is heavily concentrated in 2024 and
2025, which together supplied the large majority of included studies (Figure 2). Thematically, three areas
dominate: automated feedback and writing support, speaking and oral communication, and personalized
learning and intelligent tutoring. Vocabulary and autonomous learning, teacher practice and professional
development, and assessment appear next (Figure 3). Author keywords cluster around generative Al and
LLMs, feedback, EFL/ESL, ChatGPT, and speaking. Those terms mirror the field's central concerns (Figure
4).

Table 3. Summary of included studies (n = 17).

Author(s) & year Full title Method Country/context Key findings
An Al-assisted writing,
Applied quasi- grading, and feedback
Application of Artificial experimental ;}/}Sé%nce}rz }l)eggfglFlf a small
Chen & Warden Intelligence to the Small (SMOOC + Al Not reported raduate st 5 dents identify
(2019) Open Online English grading; 79 P fecurrin errors and
Abstract Writing Course graduate & .
students) strgr}gthen English abs.tract
writing beyond class-size
and time limits.
Reviews the affordances of
Speeko: An Artificial the Speeko app and argues
. peeko: . that Al-generated feedback
Mei, Qi, Huang Intelligence-Assisted Technology
. . . Not reported on oral performance can
& Huang (2024)  Personal Public Speaking review ,
Coach support EFL. learners
public-speaking
development.
, . Learners’ perceived social,
Learners Percelved Al Quantitative cognitive, and teaching
Presences in AI-Supported .
Wang, Pang, Laneuage Leamning: A (327 primary presences of an Al coach
Wallace, Wang Stu c;gu 0? Alasa & pupils; Not reported were related to actual L2
& Chen (2024) Hurrf;mize d Aeent from Community of outcomes and attitudes,
Communit otgln i Inquiry) supporting Al as a
y quiry humanized agent.
Designing Chatbots in Survey-based iﬁznglﬁefa gefllagnet:?g;z;sin
‘Wiboolyasarin et Language Classrooms: An  empirical (pre- chafbo%s ancgi mi ed ®
y Empirical Investigation service and in-  Thailand PP

al. (2024)

Park et al. (2024)

Patturose et al.

from User Learning
Experience

AT English Conversation
Coaching Platform in the
Metaverse: Focused on
Korean Users

Ingeleze: Advanced Al

service teachers,
educators)

System design
and
development

System design

South Korea

teacher attitudes to inform
interactive, learner-centred
chatbot design.

Proposed a GPT-driven
metaverse platform offering
scenario-based conversation
practice to reduce exam-
oriented limitations and
first-language interference.

Presented an Al English-
tutor app integrating speech
recognition, NLP, and

Solution for English and Not reported chatbot components for
(2024) . : .
Mastery development personalized, interactive
speaking and writing
practice.
Comparative
The Efficiency of ChatGPT experimental gzr:%irggafgla;gPT and
Niranon & Vs Google Against Self- (40 English and 5 .
. . . Not reported autonomous self-learning
Triyason (2024)  Learning of Undergraduate physical- .
. among English and
Students education hvsical-education
students) Py

7
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Author(s) & year Full title Method Country/context Key findings
undergraduates, examining
relative effectiveness.
Identified proficiency gaps

Assessmg English Legrmng Mixed-methods (notal?ly hstemn_g and
Needs in Sports Physical needs analysis speaking) and difficulty
Tong (2024) Education and the - Y China with sport-specific
N . with machine .
Application of Machine learnin terminology among first-
Learning Algorithms & year sport physical-
education students.

Reconfigure the Classroom: An A convers?mgnal agent

2. . . acted as a mediating artefact
An Activity-Theoretic Mixed-methods

. . that reconfigured the

Liu, Huang, Zou Analysis of an Al pre-/post-test .

. . . . Not reported vocational ESP classroom

& Zhu (2025) Conversational Agent in with observation .

; ; and supported technical-
Vocational Technical (12 weeks) S .

. communication skill
Communication
development.

Generative Artificial o Learners showed greater

. . Qualitative autonomy when
Intelligence (AI) in the - . .

discourse collaboratively evaluating

High School English
Classroom and Its Effect on
Students’ Identity and
Teachers’ Practice

Riser (2025)

Arab EFL Students’
Remache & Engagement with Prompt-
Remache (2025) Engineered AI Writing
Feedback

Utilizing ChatGPT for Self-
Directed Professional

Meniado (2025)  Development: Practices of
Southeast Asian Language
Teachers

Enhancing ESP Student
Critical Thinking Skills and

Smith (2025) Vocabulary Acquisition
Through a GenAI-Based
Project

Chai-Calibrated Hybrid
Polasa et al. Assessment for IELTS
(2025) Speaking with Human-

Referenced Validation

Design of a University
English-Blended Teaching

Qinyuan (2025)  Quality Assessment Model
Based on WFKP Clustering
Algorithm

analysis (videos, Not reported
interviews,
journals)

Mixed-methods
(feedback Arab region
engagement)

Qualitative
(teachers from  Southeast Asia
10 countries)

Design and
implementation
(five-stage
project)

Not reported

System design
and evaluation
(ASR
framework)

Thailand

Algorithmic

model design Not reported

Al text; teachers acted as
ethical facilitators balancing
Al use, student voice, and
integrity.

Prompt-engineered Al
approximated rubric-based
instructor feedback, and
learners engaged with it
behaviourally, cognitively,
and affectively, easing
feedback workload at scale.

English teachers used
ChatGPT to address
professional-development
barriers such as limited
time, workload, and
resources, supporting self-
directed development.

A GenAl-based multimodal
project with sports-science
ESP students developed
both critical-thinking skills
and vocabulary while
foregrounding human
agency.

A dual-agent ASR
framework combined
pronunciation, prosody,
and timing cues to deliver
criterion-level IELTS-
speaking feedback validated
against human references.

A weighted clustering
model improved data-
driven assessment of
blended university-English
teaching quality through
weighted feature selection.
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Author(s) & year Full title Method Country/context Key findings
Perceptions of Competitive
Exam Aspirants in Aspirants perceived
Visakhapatnam on Mixed-methods ChatGPT as effective for
Karri, Sai & ChatGPT's Role in . vocabulary development
. . (learner India .
Singh (2025) Vocabulary Acquisition and erceptions) and autonomous learning,
Autonomous Learning: An percep aligning its functions with
ELT Theoretical established ELT theories.
Perspective
An LLM-based scaffolding
Chen, Veng, CoachGPT: A Scaffolding- System design erclgﬁlif; IilStznz lecr;%zﬁg
Wilson, Li & Based Academic Writing and Not reported . guag
Fang (2025) Assistant development WIILErs beyoqd rule-based
tools by offering contextual,
guided feedback.
Table 4. Classification of included studies by design, theme, tool, and outcome.
Author(s) & year  Research design =~ Thematic focus Technology/tool QOutcome
Chen & Warden Quasi- Automated feedback & Al wrltmgé%rafi ng Error identification;
(2019) experimental writing system (QRP) in 1mp1."oved abstract
SMOOC writing
Mei et al. (2024) Technology review Speakmg.& Qral Speeko (AI speaking Feedbagk afford.ances
communication coach) for public speaking
Quantitative Personalized learning Al coach as Perceived Al presences
Wang et al. (2024) survey & tutoring humanized agent linked to L2 outcomes

Wiboolyasarin et
al. (2024)

Park et al. (2024)

Patturose et al.
(2024)

Niranon &
Triyason (2024)

Tong (2024)
Liu et al. (2025)
Riser (2025)

Remache &
Remache (2025)

Meniado (2025)

Smith (2025)

Polasa et al. (2025)
Qinyuan (2025)

Karri et al. (2025)

Survey-based
empirical

System design

System design

Comparative
experiment

Mixed-methods +
ML

Mixed-methods
pre/post

Qualitative
discourse

Mixed-methods

Qualitative
Design &
implementation

System design &
evaluation

Algorithmic model

Mixed-methods

Personalized learning
& tutoring

Speaking & oral
communication

Personalized learning
& tutoring

Vocabulary &
autonomous learning

Assessment & quality
evaluation

ESP / professional
communication

Teacher practice &
development

Automated feedback &
writing

Teacher practice &
development

Vocabulary &
autonomous learning

Speaking & oral
communication

Assessment & quality
evaluation

Vocabulary &
autonomous learning

Language-teaching
chatbots

GPT-based metaverse
platform

Al tutor app (ASR +
NLP + chatbot)

ChatGPT vs Google

Search

ML modelling of
needs

Al conversational
agent

Generative Al in
classroom

Prompt-engineered Al
feedback

ChatGPT for teacher
PD

GenAl-based
multimodal project

Dual-agent ASR
(CHAI)

WFKP clustering
algorithm

ChatGPT

Design factors; teacher
attitudes

Scenario-based
conversation practice

Personalized
speaking/writing
practice

Relative effectiveness
for self-learning
Proficiency gaps; sport-
specific terminology

Reconfigured vocational
ESP classroom

Learner autonomy;
ethical facilitation

Rubric-aligned
feedback; learner
engagement

Self-directed
professional
development
Clritical thinking;
vocabulary (sports-
science ESP)

Criterion-level IELTS-
speaking feedback

Blended-teaching
quality assessment

Vocabulary acquisition;
autonomous learning

7

Available online: https://lentera.eloracenter.org/lentera | 1344



L Lentera Negeri

Author(s) & year  Research design =~ Thematic focus Technology/tool Outcome
Chen et al. (2025)  System design Aqtgmated feedback & CoachQPT (LLM Co'n‘textual academic-
writing scaffolding) writing support
101 1 L1755
8 - 15.0
< L 125
o £
= 6
[0 L
;i :
=] [
% 44 7.5 3
£
F5.0
2 -
1 ? 2.5
1 &
- : v : L 0.0
2019 2020 2021 2022 2023 2024 2025

Publication year

Figure 2. Temporal distribution of included studies by publication year, with cumulative count.

Speaking, pronunciation & |
oral communication

Personalized learning & |
intelligent tutoring

Automated feedback & |
writing support

Assessment & |
quality evaluation

Teacher practice & |
professional development

w

Vocabulary & |
autonomous learning

T T T T T
1 2 3 4 5 6
Number of thematic tags across included studies (n = 17)

Figure 3. Distribution of thematic foci across included studies (studies may map to more than one theme).
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Generative Al / LLM - o
EFL / ESL

Feedback -

©0

Speaking / oral A

© 0

ChatGPT 4

Chatbot / Al agent

© 0

Writing 4

ASR / pronunciation
Assessment

ESP / professional

Autonomous learning

O0O0O0O0

Vocabulary

T T T T 1

0 2 4 6 8 10
Occurrences across included studies (n = 17)

Figure 4. Frequency of salient author keywords across included studies.

Thematic Synthesis

Findings for RQ1: Application domains and reported effects

Read across the whole corpus, GenAl and Al-assisted tools keep landing on a recognizable set of English-
learning domains, and automated feedback with writing support is the most prominent of them. The systems
themselves span a wide arc: an early Al writing-and-grading environment embedded in a small MOOC
(Chen & Warden, 2019), prompt-engineered feedback aligned to instructor rubrics (Remache & Remache,
2025), and LLM-based scaffolding assistants that push second-language academic writing well beyond rule-
based grammar checking (Chen et al., 2025). What gets reported, over and over, is the identification of
recurring errors, feedback delivered at scale, and improved composition. Put simply, generative feedback can
relieve instructor workload and still remain pedagogically meaningful.

Speaking and oral communication form a second, equally substantial cluster. Consider the range of tools:
an Al public-speaking coach (Mei et al., 2024), a GPT-driven metaverse conversation platform (Park et al.,
2024), an integrated tutor app combining speech recognition with dialogue (Patturose et al., 2024), and an
accent-aware ASR framework that delivers criterion-level IELTS-speaking feedback validated against human
references (Polasa et al., 2025). The reported effects point to expanded opportunities for authentic practice
and fine-grained feedback on pronunciation, fluency, and prosody. Conventional instruction finds those
domains notoriously hard to support at scale.

Personalized learning and tutoring, vocabulary and autonomous learning, and assessment complete the
map. Learners perceive Al coaches as humanized agents, and the social, cognitive, and teaching presences
those coaches project correlate with real outcomes (Wang et al., 2024). Chatbots, on the other hand, hinge
on deliberate design choices (Wiboolyasarin et al., 2024). ChatGPT came across as effective for vocabulary
and self-directed study (Karri et al., 2025), and comparative work pitted it against conventional search for
autonomous learning among English and physical-education students (Niranon & Triyason, 2024).
Assessment-oriented studies applied machine learning to model learner needs (Tong, 2024) and to evaluate
blended-teaching quality (Qinyuan, 2025). Take the evidence together, and coverage is broad but uneven.
Feedback, speaking, and tutoring are the ones best represented.

Findings for RQ2: Pedagogical designs, roles, and perceptions

The included studies converge on a specific way of seeing GenAl. It is not a content-delivery mechanism. It
is a mediating agent that reconfigures classroom activity. An activity-theoretic analysis, for instance, showed
an Al conversational agent restructuring a vocational ESP course and altering the relationships among
learners, teacher, and tools (Liu et al., 2025). In secondary English classrooms, learners exercised greater
autonomy when they collaboratively evaluated Al-generated text, while teachers shifted into a new role, that
of ethical facilitator safeguarding student voice and academic integrity (Riser, 2025). Broader accounts of
teachers negotiating ChatGPT integration in language teaching point the same direction (Al-khresheh, 2024).

Teacher-facing designs extend into professional development, where English teachers across Southeast
Asia used ChatGPT to overcome barriers of time, workload, and limited resources (Meniado, 2025). Learner
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perceptions and acceptance turn out to be decisive. Motivation mediated behavioural engagement with Al
(Wang, Q., et al., 2025), and extended technology-acceptance models captured the psychological
determinants shaping GenAlI adoption for foreign-language education (Wang & Liu, 2026). Graduate
learners' attitudes toward Al-assisted academic writing drive the point home: uptake depends on perceived
usefulness and trust (Wang, Y., et al., 2025).

Affective dynamics recur throughout the corpus. Al-driven personalization and emotion recognition
shaped engagement by moderating anxiety (Ding & Xue, 2025), Al chatbots reduced speaking-assessment
anxiety relative to human facilitation (Susoy, 2026), and personalized foreign-language learning interacted
with pleasure, anxiety, and self-efficacy to influence learner well-being (Yan et al., 2025). Studies of Chinese-
as-a-foreign-language learners show the same pattern, with generative Al providing cognitive scaffolding for
oral script-writing within project-based tasks (Chen et al., 2026). The message is consistent: design and
perception, not tool capability alone, decide whether GenAl support actually becomes learning.

Findings for RQ3: Methodological patterns, limitations, and gaps

Methodologically, the corpus is dominated by recent, small-scale, design-oriented work. Several reports are
system-design or development studies (Park et al., 2024; Patturose et al., 2024; Chen et al., 2025), others are
single-cohort mixed-methods or survey investigations (Remache & Remache, 2025; Karri et al., 2025). Only
a minority employed pre-/post-test or comparative designs (Liu et al., 2025; Niranon & Triyason, 2024).
Outcome measures are heterogeneous, running from perception scales to performance indices to system-
evaluation metrics, and that heterogeneity limits direct comparison while precluding meta-analytic pooling.

Three gaps follow from this. First, longitudinal and adequately controlled evidence is scarce, so durability
and causal claims remain tentative, a worry that broader Al-effectiveness syntheses have already voiced (Xu
& Wang, 2024; Ekizer, 2025). Second, learner populations and disciplinary contexts are unevenly
represented. ESP and professional English, physical education and sport included, are addressed by only a
few studies (Smith, 2025; Tong, 2024), despite strong demand for discipline-specific communicative
competence (Bessadok & Hersi, 2025). Third, ethical and data-privacy considerations are under-examined,
even as learners voice concern about how Al language models handle their data (Xu et al., 2025) and
dependency-related risks surface alongside the benefits (Khoso et al., 2025). Emerging frameworks for ethical
GenAl integration in writing offer a starting point for addressing these concerns (Rashid et al., 2026).

Comparative and Critical Analysis

Comparing approaches across the corpus reveals a field in transition. The earlier, assessment-oriented studies
leaned on machine-learning and clustering techniques (Tong, 2024; Qinyuan, 2025), while the most recent
work foregrounds generative dialogue, scaffolding, and multimodal interaction (Chen et al., 2025; Smith,
2025). Design and development studies show technical feasibility and rich affordances. What they often stop
short of is rigorous learning-outcome evaluation. Empirical studies with learners provide the outcome
evidence, yet typically at small scale and over short horizons. That division of labour helps explain why
enthusiasm about capability runs ahead of confidence about efficacy. Bridging it will require studies pairing
well-engineered tools with robust, comparative outcome designs.

Discussion

Methodological limitations and boundary conditions

Methodological recommendations

Future studies should: (1) pre-register review protocols and preserve reviewer-level screening and extraction
logs; (2) use validated, construct-specific outcome instruments and report reliability statistics; (3) conduct
longitudinal or controlled quasi-experimental evaluations with transparent sample-size justification and
subject-level validation where Al models are trained; (4) report intervention fidelity, missing data, and model
performance using comparable metrics; and (5) test GenAl applications in under-represented ESP, physical-
education, and sport-science populations while documenting access, privacy, and equity safeguards.

The review should be interpreted with several methodological boundaries in mind. First, the evidence
base is heterogeneous: the 17 studies combine empirical comparisons, surveys, qualitative analyses,
technology reviews, and system-development reports, so a common pooled effect size is not defensible.
Second, several studies rely on self-reported perceptions or small single-cohort samples, which introduces
measurement and generalizability concerns. Third, six full texts could not be retrieved, creating possible
retrieval bias. Fourth, the review was limited to English-language records and three databases, so non-English
and non-indexed studies may have been missed. Fifth, no prospective registration number or independent
reviewer-level logs were retained in the archived record; consequently, Cohen’s kappa and aggregate inter-
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rater agreement cannot be reconstructed retrospectively. These limitations are treated as evidence-quality
constraints rather than grounds for overstating the effectiveness of GenAl.

Interpreted as a whole, the evidence indicates that GenAl is most useful in English learning where it
supplies timely, individualized feedback and expanded practice in productive skills, writing and speaking
above all. This reading extends prior reviews, which reported positive but heterogeneous Al effects on
English achievement (Ekizer, 2025; Xu & Wang, 2024), by specifying the domains and mechanisms through
which benefits arise. Theoretically, the recurrent framing of Al as a mediating, humanized agent connects
these findings to activity theory and to community-of-inquiry perspectives, where social, cognitive, and
teaching presences jointly shape learning (Wang et al., 2024; Liu et al., 2025).

Practically, the synthesis offers actionable guidance. Educators can deploy GenAl to scale formative
feedback and conversational practice, but they should design deliberately, cultivate learners' evaluative and
prompting skills, and preserve the teacher's role as ethical facilitator (Riser, 2025; Al-khresheh, 2024). For
professional and ESP settings such as physical education and sport, discipline-specific tasks that build
terminology and communicative confidence seem especially promising (Smith, 2025; Tong, 2024). These
recommendations resonate with wider evidence on teacher readiness and technology integration in English
instruction (Le et al., 2025; Imran et al., 2024).

The findings also expose contradictions. Al personalization can reduce anxiety and support well-being in
some settings (Ding & Xue, 2025; Susoy, 2026), yet foster dependency and fear of missing out in others
(Khoso et al., 2025). Enthusiasm about autonomy coexists with unresolved concerns about data privacy and
integrity (Xu et al., 2025; Riser, 2025). Motivation and acceptance repeatedly moderate outcomes, so the
same tool can help or hinder depending on learner disposition and context (Wang, Q., et al., 2025; Zhen,
2025; Wang & Liu, 2026). Situating these results against motivation- and affect-focused reviews clarifies a
key point: GenAl operates through, rather than around, established learner variables (Aung & Nikolov, 2025;
Derakhshan et al., 2022).

Relative to prior single-domain reviews and bibliometric analyses (Arthi & Gandhimathi, 2025; Rahmanu
& Molnar, 2024; Huang, C., et al., 2025), this review contributes an integrated, cross-domain map coupled
with a critical appraisal of methodological maturity. Three research gaps are salient: the scarcity of
longitudinal and controlled designs; the under-representation of ESP, professional, and non-Western
populations; and the thin treatment of ethics, privacy, and equity. Corpus-driven and blended-
implementation methods point to feasible ways of strengthening evaluation in future designs (Huang, M.,
2025; Pham & Abdullah, 2025; Nitisakunwut et al., 2022).

Three limitations of this review should be acknowledged. First, the search was confined to three databases
and to English-language documents, so relevant work in other venues or languages may have been missed.
Second, the qualitative synthesis reflects interpretive judgement and was not accompanied by meta-analysis,
given outcome heterogeneity. Third, the included corpus is recent and fast-moving, so these conclusions
represent a snapshot of a rapidly evolving field. The future research agenda follows directly: conduct
longitudinal, adequately powered, and comparative studies; standardize and report outcome measures
transparently; and embed ethical, privacy, and equity safeguards while extending inquiry to under-served
learners and disciplinary contexts, sport and physical education included (Dai et al., 2026; Sun & Wu, 2026;
Bin-Hady et al., 2024).

In direct response to the research questions: for RQ1, GenAl has been applied most extensively to
automated feedback and writing, speaking and oral communication, and personalized tutoring, with reported
gains in engagement, autonomy, and skill-specific performance; for RQ2, effective integration reconfigures
learner and teacher roles and depends on deliberate design and on learner motivation, acceptance, and affect;
and for RQ3, the evidence base is recent, small-scale, and methodologically heterogeneous, with pressing
needs for longitudinal rigor, broader populations, and ethical safeguards.

Conclusions

Seventeen studies were synthesized using PRISMA 2020 to map GenAI and LLM applications in English
language learning. RQ1 indicates that automated feedback and writing, speaking and oral communication,
and personalized tutoring are the most recurrent application domains. RQ2 shows that GenAl integration
reshapes learner and teacher roles and that engagement, motivation, anxiety, autonomy, and perceived
usefulness influence outcomes. RQ3 indicates that the evidence base remains recent and methodologically
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heterogeneous, with substantial use of system-design, survey, qualitative, and small comparative studies.
Because the included studies do not share sufficiently comparable designs, outcomes, or effect measures, no
quantitative meta-analysis was conducted. The review is also limited by English-language screening, three
databases, six unretrieved reports, and the absence of retained reviewer-level logs and a prospective
registration record. The evidence therefore supports cautious pedagogical use and feasibility rather than
universal claims of effectiveness. Future research should prioritize controlled longitudinal designs, validated
outcome measures, transparent reviewer procedures, psychometrically grounded evaluation, and stronger
representation of ESP, physical-education, and sport-science contexts.
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